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Abstract. Artificial intelligence (AI) is reshaping higher education by 
creating new opportunities for content development, student 
engagement and instructional practice. In South African private-higher 
education, however, AI integration is shaped by concerns related to 
lecturer readiness, ethical use and institutional support. This qualitative 
case study explores how lecturers perceive the use of AI within the 
flipped classroom, a model that emphasises active, student-centred 
learning. Guided by the Unified Theory of Acceptance and Use of 
Technology (UTAUT), the study draws on semi-structured interviews 
with 11 lecturers, analysed using thematic analysis informed by Braun 
and Clarke (2019) and Saldaña (2013). The study contributes to 
understanding how lecturers interpret and navigate the pedagogical use 
of AI within flipped-classroom practices in a South African 
private-higher-education context. The findings indicate cautious 

optimism. AI is valued primarily for supporting pre-class preparation 
through lesson planning, resource development and content generation, 
rather than facilitating in-class active learning. Concerns were raised 
about student over-reliance, superficial learning and the need for 
pedagogical support. Effort expectancy was shaped by time pressures 
and tool overload rather than technical difficulty, while peer support and 
institutional conditions strongly influence adoption. 
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1. Introduction 
Artificial intelligence (AI) is rapidly changing higher education, transforming 
how teaching and learning are approached and practised. The rapid development 
of AI is reshaping multiple sectors; higher education is not exempt (Holmes & 
Tuomi, 2022; Jaboob et al., 2026; Selwyn, 2022; Wang et al., 2024). While AI has 
generated substantial interest for its potential to enhance teaching and learning, 
its integration into educational practice remains uneven. Historically, technology 
such as calculators, computers and mobile devices was met with resistance due to 
concerns about academic integrity and the educators’ changing role (Cuban, 1986; 
Flavin, 2012; Linderoth, 2024; Selwyn, 2017). Similar concerns are now emerging 
in relation to AI, alongside its potential to support personalised learning, 
automated feedback and enhanced instructional processes (UNESCO, 2024; 
López-Villanueva et al., 2024). However, limited research examines how lecturers 
interpret and respond to AI within specific pedagogical approaches and 
institutional contexts, particularly within private-higher education. 
 
One pedagogical approach that aligns with AI’s affordances is the flipped 
classroom. This model shifts content delivery to pre-class preparation and uses 
contact time for collaborative and applied learning (Bergmann & Sams, 2012). The 
approach promotes active, student-centred learning and greater learner 
autonomy, particularly when supported by digital tools (Baig & 
Yadegaridehkordi, 2023). Within this context, AI can extend key 
flipped-classroom principles by generating instructional resources, supporting 
content preparation and providing ongoing student assistance beyond formal 
class time, particularly through generative-AI tools such as ChatGPT that enable 
on-demand content creation and support (Chan & Colloton, 2024; Suvendu & 
Deb, 2024; Zhen & Yahaya, 2024). 
 
Despite these opportunities, integrating AI into teaching practice presents several 
challenges. Research highlights concerns related to lecturers’ understanding of AI, 
their ability to evaluate AI-generated content and the implications for assessment 
and academic standards (Mutanga et al., 2024; Sanders & Mukhari, 2024). 
Successful implementation depends not only on access to technology, but on 
lecturers’ readiness and willingness to incorporate AI into their pedagogical 
practices (Abdelaal & Sawy, 2024; Scherer et al., 2019). The introduction of AI 
requires educators to reconsider aspects of their professional role and develop 
new competencies, often in the absence of clear institutional guidance or 
structured support (Chan & Colloton, 2024; UNESCO, 2024). 
 
These challenges are especially relevant in private-higher-education institutions. 
While these institutions often emphasise innovation and responsiveness, lecturers 
may be expected to adopt new technology without sufficient time, training or 
institutional support (Funda & Piderit, 2024; Hutchings & Quinney, 2015). A gap 
can therefore emerge between institutional expectations and the practical 
conditions needed for sustainable implementation. Understanding how lecturers 
experience and perceive this process supports meaningful adoption. 
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Within South Africa, AI research in higher education is emerging but remains 
limited, particularly in relation to private institutions (Sanders & Mukhari, 2024). 
Existing studies largely focus on general AI adoption, with less attention to how 
lecturers interpret and respond to AI within pedagogical approaches such as the 
flipped classroom. This study addresses this gap by examining lecturers’ 
perceptions of AI integration in a South African private-higher-education 
institution. 
 
The study is guided by the primary research question:  
How do lecturers in a private-higher-education institution perceive the integration of AI 
within the flipped classroom? 
 
The inquiry focuses on three areas: lecturers’ perceptions of the benefits and 
challenges of AI use, factors influencing their willingness to adopt AI approaches 
and the institutional support required for effective integration. The study is 
informed by the Unified Theory of Acceptance and Use of Technology (UTAUT), 
which explains technology adoption in relation to performance expectancy, effort 
expectancy, social influence and facilitating conditions (Marikyan & 
Papagiannidis, 2025).  
 
The study generated insight into how lecturers interpret AI and apply it within 
their teaching practices in the context of private-higher education. Rather than 
positioning AI as a replacement for academic expertise, it is considered a 
pedagogical resource to support teaching efficiency, extend flipped-classroom 
practices and support student learning. By providing empirical evidence from a 
South African private-institutional context, the study contributes to emerging 
research on AI in higher education and offers practical insight for institutions 
seeking to support lecturers in integrating new technology. 
 

2. Literature Review 
2.1 Constructivist Learning Theory and Flipped Learning 
This review combines theoretical and empirical literature on AI adoption in 
flipped-classroom contexts. Constructivist-learning theory positions learning as 
an active process in which students construct knowledge through engagement, 
dialogue and reflection rather than passive reception (Clark, 2018; Taber, 2019). 
Constructivist approaches emphasise participation, inquiry and collaborative 
meaning-making, enabling learners to connect new information to prior 
experience and develop deeper understanding (Malik, 2017; Misra, 2020; Zajda, 
2021). The flipped classroom aligns with these principles by shifting contact time 
from content delivery to participatory activities that support application, 
discussion and problem solving (Lee et al., 2016; McLean & Attardi, 2023). While 
constructivism explains the pedagogical logic of flipped learning, UTAUT 
provides the analytical lens for understanding lecturers’ adoption of AI within 
this context. 
 
2.2 Unified Theory of Acceptance and Use of Technology 
UTAUT (Venkatesh et al., 2003) explains technology adoption through four 
constructs: performance expectancy, effort expectancy, social influence and 
facilitating conditions. The model integrates earlier acceptance theories and is 
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widely applied to understand technology use in organisational contexts, 
including higher education (Ajzen, 1991; Davis, 1989; Marikyan & Papagiannidis, 
2025). Research indicates that adoption decisions are shaped by contextual factors 
such as institutional culture, infrastructure, workload and alignment between 
technology and pedagogical practice (Soares et al., 2024; Wu et al., 2022). In the 
case of AI, perceived value is often linked to time savings, ease of integration and 
availability of institutional guidance for responsible use (Momani, 2020; 
UNESCO, 2024). While extensions such as UTAUT2 include factors relevant to 
consumer technology use, such as hedonic motivation, price value and habit 
(Venkatesh et al., 2012), the original UTAUT model is better suited to this study 
because it addresses technology adoption within organisational contexts shaped 
by institutional structures and professional practice. UTAUT therefore provides 
an appropriate lens for understanding lecturers’ willingness to adopt AI within 
flipped-teaching environments. 
 
2.3 AI in Education 
AI in education has evolved from rules-based systems to adaptive and generative 
tools capable of producing content, analysing learner data and supporting 
instructional decision-making (Holmes & Tuomi, 2022; Luckin et al., 2016; Wang 
et al., 2024). Recent developments in generative AI, particularly large language 
models such as ChatGPT, have expanded these capabilities by enabling 
on-demand content generation and interactive support (Chan & Colloton, 2024). 
Current applications include intelligent tutoring systems, chatbots, predictive 
analytics and automated feedback (Admane et al., 2024; Legowo et al., 2024). 
These tools are widely associated with personalised learning and the potential to 
reduce administrative and routine teaching tasks, allowing lecturers to focus on 
facilitation and mentoring (Abdelaal & Sawy, 2024; UNESCO, 2024). 
 
Simultaneously, the literature highlights ongoing ethical and pedagogical 
debates, particularly regarding AI. Concerns include data privacy, bias, 
accountability and unequal access across institutions (Admane et al., 2024; 
Mutanga et al., 2024). Scholars caution that uncritical reliance on AI may limit 
students’ independent thinking and deeper learning, raising questions about 
authorship, academic integrity and the role of lecturer knowledge construction 
(visible, 2024; Yusuf et al., 2024). These risks underscore the importance of lecturer 
competence and institutional guidance, as limited training may result in 
fragmented or superficial implementation (Chan & Colloton, 2024; UNESCO, 
2024).  Overall, the literature positions AI as both an instructional opportunity and 
a site of ethical and pedagogical tension. 
 
2.4 AI in South African Higher Education and the Private Sector 
South Africa’s National AI Policy Framework emphasises ethical implementation, 
reducing digital inequality and strengthening collaboration across sectors (RSA 
Department of Communications and Digital Technology, 2024). However, 
infrastructural limitations and governance challenges often constrain large-scale 
adoption. Within private-higher-education, AI applications include chatbot 
tutors, learning analytics and administrative automation (Bosch et al., 2023; Funda 
& Piderit, 2024; Patel & Ragolane, 2024). Adoption remains uneven and is 
frequently driven by short-term initiatives rather than long-term institutional 
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strategy. Contextual factors such as load shedding, bandwidth limitations and 
linguistic diversity influence implementation (Bosch et al., 2023). These conditions 
highlight the need for context-sensitive approaches that translate global AI 
guidance into practical institutional support. 
 
2.5 The Flipped Classroom in Higher Education 
The flipped classroom shifts initial content engagement to pre-class preparation, 
using contact time for active learning and application (Bergmann & Sams, 2012; 
Lee et al., 2016). When students engage with preparatory material and in-class 
activities are well designed, the approach is associated with improved 
engagement and higher-order learning (Baig & Yadegaridehkordi, 2023; Setren et 
al., 2021). However, implementation requires substantial lecturer time for 
resource development and depends on student accountability for preparation 
(Lee et al., 2016; Wang & Yasir, 2023). Institutional support, including shared 
resources and student orientation, is therefore key to support sustainability 
(McLean & Attardi, 2023). 
 
Private institutions are often described as more flexible in adopting instructional 
innovation due to smaller class sizes and curricular autonomy (Dutt et al., 2025; 
O’Malley et al., 2023). Nevertheless, staff development and resource allocation 
may not always align with the increased demands of flipped teaching, creating a 
gap between expectations for innovation and practical support needed 
(Karthikeyan et al., 2025; Verma et al., 2021). These studies suggest that 
flipped-learning success depends not only on its pedagogical design, but on 
lecturer capacity, student accountability and institutional support. 
 
2.6 Integrating AI into the Flipped Classroom 
Within flipped learning, AI is increasingly seen as useful for supporting pre-class 
preparation through adaptive content, personalised guidance and targeted 
practice. Generative AI, in particular, allows for quicker development of 
customised learning materials and student support (Chan & Colloton, 2024; 
López-Villanueva et al., 2024; Suvendu & Deb, 2024; Zhen & Yahaya, 2024). 
Learning analytics may assist lecturers during in-class facilitation by highlighting 
misconceptions and engagement patterns, while automated feedback can support 
formative assessment. 
 
The literature emphasises that pedagogical value depends on purposeful 
integration. When AI is primarily used for content delivery, it may reinforce 
passive learning and undermine reflective and dialogic processes central to 
constructivist flipped learning (Suvendu & Deb, 2024; Verma et al., 2021). 
Effective implementation, therefore, requires alignment with inquiry-based 
learning and the continued facilitative role of the lecturer. 
 
Lecturer perceptions play a key role in this process. While AI is often viewed as 
useful for personalisation and workload support, adoption is shaped by perceived 
usefulness, ease of use and institutional readiness, including training and policy 
guidance (Funda & Piderit, 2024; Suvendu & Deb, 2024). Concerns about 
academic integrity, professional judgement and changing teaching roles remain 
significant (Selwyn, 2022; Yusuf et al., 2024). These factors reinforce UTAUT’s 
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relevance in understanding adoption within AI-enabled flipped-learning 
environments. 
 
Across the reviewed literature, AI is framed as both an opportunity for enhancing 
teaching efficiency and a challenge to established pedagogical practices. While 
studies highlight its potential to support flipped learning through content 
generation, personalisation and feedback, they raise concerns related to academic 
integrity, student engagement and the evolving role of the lecturer. Despite 
growing interest in AI adoption, limited research examines how lecturers 
interpret these dynamics within specific pedagogical and institutional contexts, 
particularly in private higher education. This gap underpins this study’s focus. 
 

3. Methodology 
3.1 Research Design and Paradigm 

This study employed a qualitative, single-case design to explore how lecturers at 
a South African private-higher-education institution perceive AI integration into 
flipped-classroom practices. The study was situated within a 
constructivist-interpretivist paradigm, appropriate for examining how 
participants interpret emerging technology in their professional contexts and how 
meaning is shaped by experience and institutional practice (Creswell & Poth, 
2018). The case-study design enabled an in-depth investigation of a bounded 
institutional setting in which AI use in flipped teaching is closely shaped by 
contextual conditions (Cohen et al., 2007; Yin, 2018). 
 
3.2 Research Context 
The study was conducted at a private-higher-education institution offering 
practice-led programmes in design, communication and business across multiple 
campuses. The institution enrols several thousand students and operates through 
face-to-face learning across four campuses and a distance-learning-centre offering 
online study. A learning-management system is used for content distribution, 
communication and assessment. The institution’s teaching approach is informed 
by a constructivist philosophy that emphasises active, student-centred learning 
and lecturer facilitation. 
 
The institution promotes student-centred teaching approaches and allows 
lecturers autonomy in selecting pedagogical strategies, including the use of 
flipped-classroom models. While there is growing interest in AI use within 
teaching and learning, institutional guidance regarding AI use remains emergent, 
with not fully-standardised policies governing its integration across programmes 
at the time of the study. This context provided an appropriate setting for exploring 
variation in flipped-teaching practices and the emerging use of AI. To ensure 
confidentiality, the institution is not identified. 
 
3.3 Participants and Sampling 
Purposive sampling was used to recruit lecturers with experience of flipped 
teaching and exposure to AI in their practice. An initial screening form gathered 
contextual information on discipline, teaching experience and level of AI use. 
Eighteen lecturers completed the form and 11 were selected based on their ability 
to provide insight into both pedagogical practice and technology integration 
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(Cohen et al., 2007). Participants include full-time and part-time lecturers from a 
range of disciplinary backgrounds and teaching contexts, enabling a range of 
perspectives, although the study was not designed for comparative analysis 
across these groups. A summary of participant characteristics is provided in 
Table 1. 
 

Table 1: Contextual overview and profile of participants 

ID 
Years’ 
experience 

Discipline/subject area 
Teaching 
mode 

PL > 10 years Experience design Both 

PF 2 – 5 years Business management and 
introduction to research 

Theory 

PE > 10 years Interior design Both 

PC 2 – 5 years Digital marketing, 
entrepreneurship and project 
management 

Theory 

PB < 2 years Game design Practical 

PA > 10 years Design studies and illustration Both 

PH > 10 years User-experience technology Practical 

PI 6 – 10 years Digital marketing and sociology Theory 

PJ > 10 years Interior design Both 

PK > 10 years Economics, business and 
commerce; financial management 

Both 

PM 2 – 5 years Communication sciences and 
strategic brand communication 

Theory 

 
3.4 Data Collection 
Data were collected in two stages. An online screening form gathered contextual 
information, followed by semi-structured interviews as the primary data source 
(see Appendix 1). This approach allowed for consistency across participants while 
enabling deeper exploration of individual experiences (Cohen et al., 2007). The 
interview guide was informed by the UTAUT (Marikyan & Papagiannidis, 2025; 
Venkatesh et al., 2003) and included questions related to lecturers’ perceptions of 
AI, the effort involved in using it and the influence of colleagues and institutional 
culture. Interviews were conducted online via Microsoft Teams, recorded with 
consent, transcribed verbatim and lasted approximately 45–60 minutes. 
 
3.5 Data Analysis 
Data were thematically analysed guided by Saldaña’s (2013) coding framework 
and managed using ATLAS.ti. Analysis proceeded in three stages. First, 
transcripts were coded line-by-line using descriptive first-cycle coding to 
inductively capture key actions, perceptions and experiences. For example, a 
participant statement such as “It’s saving me days… I use it a lot for developing case 
studies” (PK) was initially coded as productivity and later grouped into the broader 
category of productivity and efficiency. Second, codes were grouped into 
categories (see Appendix 2) and refined into themes through an inductive process. 
These themes were interpreted through the UTAUT framework, allowing for 
theory-informed analysis while remaining grounded in participants’ accounts. 
Third, cross-theme analysis identified patterns, convergence and tensions across 
the dataset (Braun & Clarke, 2019; Saldaña, 2013). This process ensured that 
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findings remained closely aligned with participants’ accounts while supporting 
theory-informed interpretation. 
 
3.6 Trustworthiness 
Trustworthiness was addressed through strategies aligned with credibility, 
dependability, confirmability and transferability (Shenton, 2004). Credibility was 
supported through iterative engagement with the data and the use of contextual 
information from the screening form. An audit trail documented key research 
decisions and analytic steps, supporting dependability. Reflexive memo writing 
enhanced confirmability by acknowledging the researcher’s role in interpretation. 
Transferability was supported through contextual description of the setting and 
participant variation. 
 
3.7 Ethical Considerations 
Ethical clearance was obtained from the University of Johannesburg (Ethics 
Clearance Number: SEM 1-2025-061) and from the participating institution 
(R.15992 [RPGS04]). Institutional permission was granted prior to data collection. 
Participation was voluntary and based on informed consent, with participants 
free to withdraw at any stage. Identifying information was removed from 
transcripts, pseudonymous codes were used and the institution remained 
anonymous. Interview procedures were conducted with sensitivity to 
participants’ professional context. 
 

4. Results 
The results are presented thematically and organised according to the UTAUT 
constructs (Venkatesh et al., 2003) to illustrate how lecturers perceive AI within 
flipped teaching and factors shaping their willingness to adopt AI-enhanced 
practices. Participant identifiers are used to preserve anonymity. 
 
4.1 Theme 1: AI as a Productivity and Preparation Assistant (Performance  
Expectancy) 
Most lecturers report using generative-AI tools (e.g., ChatGPT, Copilot, Gamma, 
Gemini) primarily to support teaching preparation. AI was described as a 
planning partner that assists with lesson structuring, idea generation, content 
summarisation, simplifying complex concepts and producing resources such as 
slides or case studies. One participant described AI as “somewhat of an advisor… 
[to] bounce ideas off” (PB), while another noted, “Instead of Googling, I’ll go into 
ChatGPT… and curate the bullet points” (PH). For several lecturers, the value of AI 
was closely linked to workload pressures: “It’s saving me days… I use it a lot for 
developing case studies” (PK). 
 
In flipped teaching, AI was valued for making pre-class material more accessible 
and engaging. However, participants consistently emphasised the need for 
professional judgement: “It gives beautiful examples… but I still have to adapt it to my 
class” (PM). Overall, performance expectancy was high, with AI generally viewed 
by lecturers as useful in reducing preparation time and improving 
learning-resource clarity, while remaining under lecturer control. 
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4.2 Theme 2: Ethical Ambivalence and Student Misuse drive Pedagogical 
Redesign (Effort Expectancy) 
Alongside these benefits, lecturers expressed concern about students using AI to 
bypass cognitive effort. Participants reported that students often submit polished 
work without understanding, with one lecturer observing that students “hand in 
beautiful work but can’t explain anything about it” (PI) and another noting they are 
“copying and pasting it in” (PH). Concerns centred on the erosion of paraphrasing, 
synthesis and independent thinking: “They find it absolutely impossible to 
paraphrase… I think I’m teaching them to cheat” (PK). This reflects a tension between 
perceived efficiency of AI use and concerns about its impact on student 
engagement. As one participant stated, “For me personally, I love it. For the students, 
I hate it” (PM). 
 
In response, lecturers described increased pedagogical effort focused on task and 
assessment redesign. Strategies included requiring students to revise AI outputs, 
provide prompts and evidence of changes and demonstrate metacognitive 
engagement. For example, “They do the task, then AI does it, and then they revise what 
AI gave them” (PC) and “I ask them to show the original prompt and how they changed 
the output” (PH). Oral assessments and in-class explanations were also used to 
ensure accountability: “Oral assessments are helpful. AI can’t help them once they’re 
up front” (PH). These findings suggest that while AI tools are perceived as easy to 
use, lecturers experience them as increasing the effort required to maintain 
learning depth and academic integrity through pedagogical design. 
 
4.3 Theme 3: Peer Support enables Experimentation amid Institutional  
Uncertainty (Social Influence) 
Participants reported considerable uncertainty regarding acceptable AI use for 
both lecturers and students. Institutional messaging was described as unclear or 
inconsistent: “We don’t know where the line is. Some say don’t use it, others say embrace 
it” (PJ). This ambiguity contributed to uneven expectations across modules, which 
lecturers believed confused students: “Students are confused… one lecturer allows it, 
another says it’s cheating” (PB). 
 
In this context, peer learning emerged as a key driver of adoption. Informal 
sharing through conversations, WhatsApp groups and resource exchange 
enabled lecturers to experiment and build confidence: “We’re all just sharing tricks 
and hoping for the best” (PI). Peer modelling was particularly influential when 
colleagues demonstrated practical approaches: “They come to me for advice… if I can 
do it, they feel they can too” (PK). Social influence was described as an important 
enabling factor, with peer support providing practical guidance and confidence 
for experimentation, while exposing the absence of shared institutional norms and 
the need for more-structured institutional guidance. 
 
4.4 Theme 4: Lecturers want Curated, pedagogically-Grounded Institutional  
Support (Facilitating Conditions) 
Participants emphasise that sustainable integration requires more than access to 
tools. Many felt overwhelmed by the number of platforms and uncertain about 
their credibility and relevance: “Someone needs to tell us which tools are credible. There 
are too many” (PL). Others highlighted the need for stronger alignment between 
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tools, disciplinary needs and learning outcomes: “There’s no guidance on which AI 
tools actually align with our learning outcomes” (PC). Lecturers called for practical, 
context-specific professional development focused on real teaching tasks. As one 
participant explained, “Show us how these tools can be used in flipped classrooms, not 
just theory” (PH). 
 
Assessment design was identified as a key area for institutional support. Several 
participants argued for shifting from detection to responsible use: “We need to stop 
punishing AI use and start assessing how well they’ve used it” (PM). As another 
lecturer noted, “We have to evolve the task, not just the policy” (PD). Facilitating 
conditions were understood by lecturers as the need for coordinated pedagogical 
and governance support, including clear guidelines, curated tools, 
discipline-relevant examples and assessment frameworks. 
 
Across the themes, lecturers viewed AI as a valuable tool for preparation and 
resource development, particularly where pre-class materials are vital. At the 
same time, concerns about students’ uncritical use were reported to lead lecturers 
to increase scaffolding and redesign assessments to require explanation, revision 
and accountability. Adoption was described as supported by strong peer 
networks, but inconsistent institutional guidance contributed to uneven practice. 
Participants emphasised the need for structured, pedagogically-grounded 
institutional support aligned with both flipped teaching and disciplinary contexts. 
 

5. Discussion 
Lecturers demonstrated a position of cautious optimism towards the use of AI in 
flipped-classroom practice. Perceived practical benefits were balanced by 
concerns about learning quality, ethical use and absence of clear institutional 
direction. Interpreted through UTAUT, perceptions were shaped by performance 
expectancy, effort expectancy, social influence and facilitating conditions, 
although these constructs reflected the contextual realities of private-higher 
education. These findings not only reflect UTAUT constructs but suggest the need 
to reinterpret them within pedagogical contexts. These findings are based on 
lecturers’ interpretations of their teaching practice and should be understood as 
situated perceptions rather than direct measures of student-learning outcomes. 
 
5.1 AI as a Productivity and Preparation Assistant (Performance Expectancy) 
Performance expectancy emerged as a strong driver of adoption. Participants 
widely recognised the value of generative-AI tools for supporting lesson 
planning, structuring content and developing learning materials. These tools 
enabled lecturers to manage time-intensive preparation associated with flipped 
teaching more efficiently. This finding aligns with research positioning generative 
AI as a collaborative resource that enhances productivity rather than replacing 
professional expertise (Admane et al., 2024). At the same time, participants 
emphasised that effective teaching remains dependent on subject knowledge, 
contextual judgement and relational learning dimensions. This suggests that 
adoption was conditional on AI supporting, rather than substituting, pedagogical 
work. The implication is that AI is most likely to be adopted when lecturers 
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perceive it as strengthening teaching efficiency while remaining under 
professional control. 
 
5.2 Ethical Ambivalence and Student Misuse drive Pedagogical Redesign  
(Effort Expectancy) 
In this study, effort expectancy is interpreted as extending beyond the original 
focus on ease of use to include pedagogical and cognitive labour required to adapt 
teaching and assessment in response to AI for student learning. Experiences of 
generic submissions led participants to question whether students were using AI 
to bypass cognitive effort, based on their interpretation of student work. This 
tension is particularly evident in flipped environments, where independent 
engagement is intended to support higher-order learning during contact time. The 
findings support Holmes and Tuomi’s (2022) caution, as lecturers perceived that 
uncritical use of AI may reduce opportunities for reasoning and knowledge 
construction. 
 
While AI tools were easy to use, their presence was experienced by lecturers as 
increasing pedagogical effort to maintain learning depth and academic integrity. 
Effort expectancy, therefore extended beyond usability to include instructional 
work needed to protect meaningful engagement. This suggests a conceptual shift 
in how effort is experienced in AI-supported-teaching contexts, where effort is 
associated with technology and pedagogical labour required to adapt teaching 
and assessment practices. The implication is that AI may simplify some technical 
tasks while simultaneously increasing educational workload for lecturers. 
 
5.3 Peer Support enables Experimentation amid Institutional Uncertainty  
(Social Influence) 
Social influence shaped adoption patterns. In the absence of formal guidance, 
lecturers relied on colleagues for practical advice and informal learning. 
Observing peers successfully integrate AI increased confidence and contributed 
to the normalisation of its use. This supports Marikyan and Papagiannidis’s (2025) 
argument that shared professional practice can strongly influence adoption in 
uncertain environments. However, peer-led diffusion resulted in uneven 
practices across departments, exposing students to inconsistent expectations 
regarding acceptable AI use. While peer support enabled experimentation, lack of 
coordinated institutional messaging limited development of shared norms. This 
suggests that peer support functioned as both an enabler of experimentation and 
a sign of institutional uncertainty. The implication is that informal collegial 
learning can support early adoption but cannot replace coherent institutional 
guidance. 
 
5.4 Lecturers want Curated, pedagogically-Grounded Institutional Support  
(Facilitating Conditions) 
Facilitating conditions emerged as the most-significant factor affecting sustained 
integration. Participants did not resist AI itself but reported feeling overwhelmed 
by the rapid expansion of tools and the absence of strategic direction. Uncertainty 
about platform credibility, pedagogical relevance and alignment with learning 
outcomes contributed to decision fatigue, while time constraints limited 
opportunities for experimentation. These challenges reflect broader findings on 
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tool overload and time scarcity in educational-technology adoption (Admane et 
al., 2024; Luckin et al., 2016). Lecturers emphasised that effective support should 
include curated tools, discipline-specific examples, practical guidance embedded 
within teaching workflows and clear ethical frameworks focused on responsible 
use rather than surveillance. Many noted the need for curriculum and assessment 
redesign, as existing modules were not developed with AI in mind. This indicates 
that facilitating conditions should be understood not only in technical terms, but 
as pedagogical and governance support. The implication is that sustainable AI 
integration depends on institutions creating structured conditions that align 
technological innovation with teaching practice and academic standards. 
 
The private-higher-education context provides an important lens for 
understanding these dynamics. Institutional flexibility allows lecturers to 
experiment independently, but the absence of coordinated policy or structured 
support contributed to uncertainty and inconsistent practice. Willingness to adopt 
AI was closely linked to alignment with professional values and educational 
purpose, supporting Scherer et al.’s (2019) view that technology acceptance 
depends on pedagogical fit and perceived usefulness. Private institutions may be 
well positioned to support innovation, provided that leadership establishes clear 
direction, shared expectations and structured capacity development. 
 
Overall, AI was viewed as a potentially-valuable resource for improving 
efficiency and supporting instructional design within flipped teaching (Suvendu 
& Deb, 2024). However, this optimism was moderated by concerns about student 
over-reliance, perceived reduction in learning depth and limited institutional 
clarity. The findings extend the application of UTAUT in educational contexts by 
demonstrating that its core constructs operate differently within pedagogical 
settings. Effort expectancy was not limited to ease of use but included pedagogical 
and cognitive effort required to maintain meaningful learning.  
 
Social influence was shown to intensify in the absence of formal policy, with peer 
networks shaping adoption in informal ways. Facilitating conditions were 
understood not only in technical support, but as pedagogical and governance 
structures necessary to guide responsible use. Adoption is therefore shaped not 
only by the functionality of AI tools, but by ethical alignment, institutional 
support and the ongoing need to protect meaningful learning (Funda & Piderit, 
2024). 
 

6. Conclusion 
This study examined how lecturers in a South African private-higher-education 
institution perceive the integration of AI within flipped-classroom practice. The 
findings show that lecturers approach AI with pragmatic optimism. Generative 
tools were widely valued for supporting lesson planning, resource development 
and time-consuming preparation associated with pre-class learning. 
Simultaneously, this perceived usefulness was moderated by concerns about 
student over-reliance, superficial engagement and risks to academic integrity. 
Lecturers did not position AI as a replacement for professional expertise, but as a 
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resource whose value depends on careful pedagogical judgment, ethical use and 
contextual adaptation. 
 
The study shows that willingness to integrate AI is shaped by more than technical 
capability. Time constraints, tool overload, inconsistent institutional guidance and 
the need to redesign assessment all influenced adoption. Peer support enabled 
experimentation but could not substitute for structured institutional direction. 
The key implication is that meaningful AI integration in flipped learning depends 
on clear policy guidance, curated professional development and assessment 
approaches that promote responsible and critical use rather than surveillance 
alone. In the South African context, these findings highlight the need for AI 
strategies that are responsive to infrastructural inequality, linguistic diversity and 
uneven access to digital resources. Overall, AI is most valuable when it supports, 
rather than compromises, the core aims of higher education: critical thinking, 
student agency and authentic engagement. These tensions between efficiency, 
ethics and pedagogy are likely to remain relevant in higher-education contexts 
beyond South Africa. 
 

7. Limitations 
Several limitations should be considered when interpreting the study’s findings. 
The study was conducted within a single private-higher-education institution 
using a purposive sample of 11 lecturers. While this enabled in-depth, 
contextually-grounded insights, the findings reflect situated perspectives and are 
not intended to be statistically generalisable to other institutional or disciplinary 
contexts. Although participants represented a range of specialisations, teaching 
modes and levels of experience, the study was not designed to compare 
perceptions systematically across these variables.  
 
Further research across multiple institutions and disciplinary contexts can 
therefore strengthen understanding of how AI adoption may vary according to 
specialisation and experience. The researcher’s position within the institution may 
have influenced aspects of interpretation, although reflexive practices were 
maintained throughout the research process. The study captures perceptions at a 
particular moment during a period of rapid technological change. As 
generative-AI tools and institutional responses continue to evolve, lecturers’ 
attitudes and practices may shift over time. 
 

8. Implications and Future Research 
The findings suggest that lecturer engagement with AI reflects a considered 
professional response rather than simple acceptance or resistance. While AI was 
valued for improving efficiency and supporting flipped teaching, its integration 
depended on pedagogical relevance, ethical use and institutional support. 
Meaningful integration requires more than access to tools. It depends on 
pedagogically-relevant training, clear ethical frameworks, curated resources and 
leadership that supports experimentation while maintaining academic standards. 
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Future research should explore how flipped-learning environments can be 
designed to develop students as critical users of AI. Longitudinal and 
multi-institutional studies can provide further insight into how lecturer practices 
and institutional strategies evolve as AI becomes more embedded in higher 
education. Research should incorporate student perspectives and, where possible, 
analysis of student work or assessment outcomes to examine how lecturer 
concerns about AI use relate to actual student practices and learning performance. 
Overall, AI can support teaching and learning, but only when integrated 
deliberately and with clear pedagogical intent. 
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Appendix 1: Data-collection Instrument – Interview Questions 
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Appendix 2: Code Book for Identifying Categories 
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